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0.739 T 0.796 T 1
0.761 T 0.662 T 1 10
0.903 T 0.835 T 1 10
0,302 H o 2 20
3 0.444 H e F 20
4 0.056 H LU 4 40
5 0.198 H LA S 5 50
6 0.070 H LU= 6 60
7 0.813 L 0.755 T 5 0
0.728 L 0.681 T b &0
0.413 H LANSL 7 70
. B 0.627 T 0.115 H 7 &0
9 0281 H ] 8 80
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Case study :Simkin'Hardware Store
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The Monte Carlo §1%5UNT1591889AIU8NAINUABNN1ST 571071

M99 1 ANNUNAzIduLAT YR IAIAEUAIUTUAINUABINSASE %A T IU T

AL u | Anwdasdu | Anudesdu P NLNE LT
ZoNplay TU QR
0 15 0.05 0.05 01to 05
1 30 0.1 0.15 06 to 15
2 60 0.20 0.35 16 to 35
3 120 0.40 0.75 36 to 75
4 45 0.15 0.90 76 to 90
5 30 0.10 1.00 g1 to 00
300 16




The Monte Carlo Carlo 81%5UN1591809A1895= 91181118981

A157199 2: ALUAsdulas PR auRNEMTUTz Uz NE R URN

LEAD TIME | ORDERS | PROBABILITY CUMULATIVE | INTERVAL OF RANDOM
(DAYS) PORBABILITY NUMBER
1 10 0.20 0.20 01to 20
2 25 0.50 0.70 21to 70
3 15 0.30 1.00 ?1to 00
50 1.00
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ORDER QUANTITY = 10 UNITS REORDER POINT = 5 UNITS
DAY UNITS BEGINNING RANDGOM DEMAND ENDING LOST ORDER RANDGOM LEAD
(1) RECIVED INVENTORY NUMBER (5) INVENTORY SALES (8] NUMBER TIME
(2) (3) (4) (6) (7) (9] (10)
1 10 06 1 9 0 No
2 0 9 63 3 6 0 No
3 0 6 o7 3 3 0 Yes 02 1
4 0 3 94 =) 0 2 No
9 10 10 92 3 e 0 No
6 0 e 69 3 4 0 Yes 33 2
7 0 4 32 2 2 0 No
8 0 2 30 2 0 0 No
9 10 10 48 3 e 0 No
10 0 e 88 4 3 8] Yes 14 1
41 2 20




Average ending inventory = 4.1 units per day
Average lost sales = 0.2 unit per day

Average number of order placed = 0.3 order per day

21




Daily order cost = [cost of placing one order) x [(number of orders placed per day)
= (10)(0.3)=3
Daily holding cost = (cost of holding one unite for one day) x (average ending inventory]
=(0.03)(4.1)=0.123
Daily stockout cost = (cost per lost sale)] x (average number of lost sales per day)
= (8)(0.2)=1.6

Total Daily inventory cost = daily order cost + daily holding cost + daily stockout cost

22

= 3+0.123+1.6



CASE STUDY: PORT OF NEW ORLEANS

SUTTVNAURNNNTWILSBNew Orleans TUUINATAL 91U BOATTUMADUVILAR: AL Ul

0 - 5 81 AUUIATUNITUIUETOUNAUUYT 0.1.2.3.4 1438 5 a1 LEAENAI191Y

NUMBER OF PROBABILITY CUMULATIVE PORBABILITY INTERVAL OF RANDOM
ARRIVAL NUMBER
0 0.13 0.13 01 to 13
1 0.17 0.30 14 to 30
2 0.15 0.45 31 to 45
3 0.25 0.70 46 to 70
4 0.20 0.90 71 to 90
5 0.10 1.00 31 to 00
23
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DAILY UNLONDING PROBABILITY CUMULATIVE INTERVAL OF RANDOM
RATE PORBABILITY NUMBER
1 0.05 0.05 01 to 05
2 0.15 0.20 06 to 20
3 0.50 0.70 21 to 70
4 0.20 0.90 71 to 80
S| 0.10 1.00 91 to OO
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DAY | NUMBER DELAYED FROM | RANDOM NUMBER |  NUMBER NIGHTY TOTAL TO BE RANDOM NUMBER NUMBER
(1) PREVIOUS DAY (3] ARRIVALS UNLOADED (6) UNLOADED
(2) (4) (5) (7)
1 52 3 3 37 3
2 0 06 0 0 53 0
3 0 50 3 3 28 3
4 0 88 4 4 02 1
5 3 53 3 5 74 4
5 2 30 1 3 35 3
7 0 10 0 0 24 0
8 0 47 3 3 03 1
g 2 99 5 7 29 3
10 4 37 2 5 60 3
1l 3 66 3 5 74 4
12 2 91 5 7 85 4
13 3 35 2 5 90 4
14 1 32 2 3 73 3
15 0 00 5 5 59 3
20 41 39




.

Average number of barges delayed to the next day=1.33 barges delayed per day
Average number of nightly arrivals = 2.73 arrivals

Average number of barges unloaded each day=2.6 unloadings
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LI87USNNS | AINUUNRE
(U") U 0 0.10
0 0 1 0.35
1 0.25
, e 2 0.25
3 0.40 3 015
4 0.15
4 0.10

S 0.05 27
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